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This meeting will help prioritize the areas of digital pathology and AI, where 
MDIC can collaborate with its partners on new projects.

About this Event
MDIC, as a part of a broader alliance in digital pathology including FDA, 
Massachusetts General Hospital (MGH), and Digital Pathology Association (DPA), is 
working to prioritize the areas of Digital Pathology and Artificial Intelligence (AI) 
where MDIC can bring industry, users, government, insurance companies, and 
patients together to collaborate on several new projects.

The Alliance aims to work on:

A temporary framework to synergize and tackle larger scale projects

Harmonizing & standardizing a reference set to be used in end to end workflow by: 
(1) Creating tools and datasets, 
(2) Progressing and enabling market access, 
(3) Creating clarity on regulatory pathways via mock submissions, and 
(4) Harmonizing efforts between various stakeholders to optimize interoperability, 
integration and implementation.

This meeting will further the recent discussions MDIC has been having on the 
areas of digital pathology and AI.

We hope you will enjoy the meeting.



THE ALLIANCE IS GRATEFUL FOR BEING HOSTED BY MDIC.

MDIC, as a part of a broader alliance in digital pathology including FDA and Digital Pathology 

Association (DPA), is working to prioritize the areas of Digital Pathology and Artificial Intelligence 

(AI) where MDIC can bring industry, users, government, insurance companies, and patients 

together to collaborate on several new projects.

For those of you who are not familiar with the Alliance…

The Alliance is a regulatory science initiative to harmonize and standardize digital 

pathology processes to speed up innovation to patients.
The Alliance for Digital Pathology is a collaborative and voluntary group interested in the 

evolution of regulatory science as it applies to digital pathology. We seek participation from all 

stakeholders (industry, vendors, academic medical centers, patient advocates, regulatory bodies, 

associations etc) to come together and identify key elements necessary to move the field of 

digital pathology forward.

The purpose of the Alliance is to accomplish concrete practical deliverables and relevant 

strategic aims in order to sustain and expand the existing collaborative infrastructure.

You can find more information here: https://digitalpathologyalliance.org/

Or contact us via: DigiPathAlliance@gmail.com
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AGENDA – 1

8.00-8.30 Breakfast, Networking, & Arrival

8.30-9.00 MDIC Introduction and Welcome
Pamela Goldberg
President & CEO, MDIC

9.00-9.10 Introductions
Joe Lennerz, MD, PhD
Medical Director, Center for Integrated Diagnostics
Associate Chief, Department of Pathology, Massachusetts General Hospital
Associate Professor, Harvard Medical School

Esther Abels, MS
VP Regulatory Affairs, Clinical Affairs, and Strategic Business Development
PathAI

Brandon Gallas, PhD
Senior Mathematician
Division of Imaging, Diagnostics, & Software Reliability, CDRH, OSEL, FDA

9.10-9.30 Alliance Progress Update
Joe Lennerz, MD, PhD
Esther Abels, MS

9.30-9.45 Digital Pathology Association (DPA)
Esther Abels, MS
Scott Blakely
Business Development Manager, Whole Slide Imaging & Digital Pathology
Hamamatsu Corporation

9.45-10.00 Break



AGENDA – 2

10.00-10.15 Food and Drug Administration (FDA)
Sara Brenner, MD, MPH
Associate Director for Medical Affairs, 
Chief Medical Officer In Vitro Diagnostics, CDRH, FDA

Brandon Gallas, PhD

10.15-10.30 Patient Centered Outcomes Research Institute (PCORI)
Bill Lawrence, MD, MS
Senior Clinical Advisor
Office of the Chief Engagement and Dissemination Office
PCORI

10.30-10.45 Friends of Cancer Research (FOCR)
Laura Lasiter, PhD
Science Policy Analyst
FOCR

10.45-11.00 American College of Radiology (ACR)
Bibb Allen, MD, FACR
President
ACR

11.00-11.15 Healthcare Infrastructure
Joe Lennerz

11.15-11.50 Overview of Projects for Breakout Sessions

11.50-12.00 Explain Breakout Session Structure

12.00-1.00 Lunch
(self-assignment for breakout session)



AGENDA – 3

1.00-1.45 Breakout Session 1
Participants work with group leader on one of 6 separate topics
Key points and deliverables are captured on established outline

1.45-2.15 Breakout Reports as brief presentations to Full Meeting
Each table/topic gets 1-2 min plus 2-3 min questions

2.15-2.30 Short Break

2.30-3.15 Breakout Session 2
Participants switch topic (same format as Breakout session 1)
Key points and deliverables are captured on established outline

3.15-3.45 Breakout Reports as brief presentations to Full Meeting
Each table/topic gets 1-2 min plus 2-3 min questions 

3.45-4.15 Coffee Break, Networking

4.15-5.00 Closing Discussion, Feedback on the Meeting, Next Steps

5.00-5.30          Final Remarks and Adjourn



PROJECT PROPOSAL – INDEX
Projects are assigned for discussion in 6 breakout topics

*Please see following pages for details

Pre-analytics – Amanda Lowe
Recognize the importance of pre-analytical factors clashing with the lack of 
standardization; develop a guideline and tools to enable generalizability of 
AI/ML applications and minimize the variability of human factors in this 
workstream

HistoQC: a QC tool for DP-slides – Andrew Janowczyk & 
Anant Madabhushi
Develop an open-sourced, high-throughput, quality control pipeline that can 
help precisely quantify characteristics and reporting of whole slide images

Pre-Analytical Tools – Amanda Lowe
Identify the deliverable tools and methods that will decrease possible error 
sources around the generation of tissue images and data to create a 
harmonized approach based on the need/requirement of the medical 
device seeking regulatory clearance

Slide Scanning – Scott Blakely
Deliverables for analytical studies will save time and expense for device 
manufacturers and users; standardization of slide scanning goes beyond 
technical performance assessment.

Scanning Automation – Zoltan Laszik, Melike Pekmezci, 
Cathryn Cadwell, Christopher Bowman, Grace Kim 
An automated pipeline to scan high risk slides at adjusted sensitivity to 
improve subpar scanning fidelity to enable timely rescans and mitigate 
medicolegal liability

Truthing – Sarah Dudgeon, Brandon Gallas
Establish and disseminate a framework for creating truthing datasets with a 
demonstrated use case to unify human elements;  of ground truthing

TILdataMDDT – Sarah Dudgeon, Richard Huang, Matthew 
Hanna, Brandon Gallas
Produce an FDA qualified MDDT dataset that medical device sponsors can 
use to develop and evaluate medical devices

Competitions And Data – Rajesh Dash, Ricardo Pietrobon, 
Brandon Gallas
A scalable Digital Pathology Competition preparation methodology to 
deliver challenges that deliver reproducible algorithms; the project also 
includes a set of evidence-based guidelines to document metrics and 
statistical methods

ML/Models/Use cases – Matthew Hanna
ML/AI and practically relevant use cases have the potential to unlock the 
full potential of digital pathology; change protocols -as currently described-
will hardly capture all ramifications of adaptive algorithms in clinical 
practice.

Imaging Informatics Fellows @ FDA – Brandon Gallas
Create a training opportunity for a regulatory and research scientist in the  
field of medical imaging, informatics, and statistics. The project includes 
training development and training.

Evaluation Platform – Rajendra Singh, Matthew Hanna
An open, web-based framework for creating large-scale public and private 
data sets and evaluation tools including annotation tasks. 

Surveillance Tools – Daniel Rubin, 
Software tool that implements an approach to post-marketing surveillance; 
the software enables surveillance of commercially available AI algorithms.

Standards Markus Herrmann, Mike Isaacs
Generation of a database of standards as well as the importance of 
datasets as a resource and tools for algorithm development; the proposed 
resources could function as an incubator for method development

Remote signout – Joseph Sirintrapun & Joe Lennerz
identification of the specific prohibitive sections in CLIA88; produce a 
consensus whitepaper that can ultimately serve as one element of a future 
CLIA88 amendment.

De-Identify WSI – Vijay Narayanasamy
A fully automated de-identification software for WSI images of any file 
format that could help with creating WSI datasets for research, education 
and developing AI-based image analysis tools

MediPaTeD -Terminology Dictionary – Kingsley Ebare & 
Esther Abels
Create a framework for standardization of datau sed in the design, 
execution, analysis, regulatory submission and archival of pathology 
research studies using CAP cancer protocols

Payor Strategy – Joe Lennerz, Esther Abels
Include payors into the Alliance discussions and approach clinical guideline 
developers to ultimately understand how to integrate digital pathology in a  
financially sustainable and meaning manner.

Payor-Patient-Perspectives – Joe Lennerz & Esther Abels
Capture the required evidence to clearly delineate deliverables towards 
financial sustainability via appropriate coverage determination by payors.
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BREAKOUT SESSIONS
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Amanda Lowe

Slide Scanning
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Truthing
Sarah Dudgeon
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ML/Models/Use cases
Matthew Hanna

Standards 
Markus Herrmann

Mike Isaacs

Payor Strategy
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Breakout Session 1 – Pre-analytics

Pre-analytics
Amanda Lowe

Slide scanning
Scott Blakely

Truthing data sets
Sarah Dudgeon Hetal Marble

Data standardization
Markus Herrmann Mike Isaacs

ML/AI – Model creation
Ashish Sharma

Continuous learning
Esther Abels

Payor strategies
Joe Lennerz

TOOLKIT WITH ROI CALCSTANDARD DATABASE

GUIDELINES + SURVEY

BEST PRACTICES guide+covrgWHITE PAPER AI CATEGORIES

DEFINITIONS
Education campaign

GUIDELINES + SURVEY VER&VAL + IOP GUIDELINES

Practical use cases
Matthew Hanna

A B C D

E F G H

1

Key Elements, Next Steps, Timeline

1. Survey (Role/Responsibilities) + 3 months
• a. Pathologists (control slide to imaging)
• b. Histologists/Lab director (control slide for tissue prep)

2. Pre-analytical Prioritization and/or key requirements are identified 
(Tissue, Imaging, Ground Truth) + 5 months

3. Results feed to Whitepaper/Publications/Guidelines + 9 months

2
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Pros for Patient, Clinical, R&D, and regulatory

1. Guides manufacturers on quality control requirements
2. Interpretative accuracy improved by controlling variability via 

standards
3. Improved pathologists’ concordance 
4. Enables the objective assessment of slides across different 

laboratories
5. Harmonization of efforts across other Alliance projects

3

Concerns for patients, clinical, R&D, and regulatory

1. Risk to interpretive accuracy if poor data is used 
2. Poor ground truth data/imaging sets for innovation/technology 

development
3. Wrong treatment provided to patient if decision was based on pre-

analytical mistakes
4. Garbage in-Garbage Out

4
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Implications & Efforts

1. Education of impact of pre-analytical variation
2. Guidelines to promote MDDT submissions for for pre-analytical 

standards
3. Quality Control recommendations
4. Whitepaper 
5. Guideline for control slide creation

5

Deliverable of the project and timeline

Pre-Analytical Guideline(s)
Timeline – 12 mos

6
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Pre-Analytics: Summary

Need: There is a need to standardize human factors to create comparable 
samples from lab-to-lab for use in algorithmic/ML applications.

Problem: Currently, human factors for pre-analytic variables (e.g. control 
slides, staining techniques, fixing/mounting, scoring, etc.) are slightly different 
from lab-to-lab. 

Project Focus: Create a set of standardized guidelines and tools that offer 
protocols, instructions, definitions, and examples to enable generalizability of 
AI/ML applications.

7
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Alliance Project outline (1-page; Times, 11pt, single-spaced).   
Title: HistoQC: a quality control tool for digital pathology slides 

Author(s):  Andrew Janowczyk, Anant Madabhushi  

Addressed Parties: Slide scanner vendors, pathology departments, and algorithm developers 

Background: Recent studies have shown cross site variability in the preparation and scanning of whole slide images (WSI) 

has a significant impact on the performance of deep learning approaches. Even when employing 12,000 WSIs for training 

[1], a 3% drop in AUC was experienced when the classifier was evaluated on images produced via a scanner different than 

that of the training set. It stands to reason then, an approach for the quality control and quantitative characterization of WSIs 

is required for improved hardware validation and classifier evaluation, robustness, and confidence. 

Approach: HistoQC is an open-sourced, high-throughput, quality control pipeline which can help precisely quantify 

characteristics of WSIs, to aid in artifact and outlier detection [2,3]. Additionally, these metrics provide a quantitative 

specification of the WSIs used for training a machine learning classifier, and thus may help dictate which WSIs are most 

appropriate for evaluation using the classifier. For example, if a machine classifier is trained using slides with modest 

overstaining of hematoxylin, it may not be appropriate to employ that classifier on slides which are under-stained of 

hematoxylin without a rigorous evaluation. 

Objective: 1) Further develop HistoQC via the implementation of additional pertinent metrics and artifact detectors.  2) 

enable the more facile roll-out of scanners and computational algorithms via the precise quantification of training and testing 

datasets (see below), easing validation of both (a) upstream technologies and (b) downstream algorithms employing WSI. 

Deliverable(s): An extendible reference quality control pipeline to enable reproducible, quantitative reporting of slide 

presentation and artifact detection  

Value proposition:  

Clinical: employing HistoQC in line with clinical digital pathology workflows will enable (a) slides containing 

artifacts to be detected early in the pipeline, reducing delays and costs, and (b) lab managers can identify in real-

time if slide production is exiting established parameter ranges (e.g., contamination of stains)  

Regulatory: the validation of machine learning diagnostic and prognostic algorithms requires extensive evaluation 

of their robustness in the context of preanalytic sources of variance in slide preparation and digitization. HistoQC 

allows for both the measurement and identification of potential variabilities helping to ensure suitable validation 

sets are curated. Additionally, HistoQC can be employed to measure color constancy and image quality across 

various scanners. Precisely measuring both inter and intra scanner variability of the same slide may allow for a 

more rigorous specification of hardware requirements for WSI manufactures/vendors. 

Research & Development: beyond helping to define appropriate ranges for the employment of machine classifiers, 

HistoQC can aid in the identification of batch effects which may unintentionally seriously weaken experimental 

conclusions [2, supplemental material]. 

Funding sources: ITCR-1U01CA239055 (link) 

Benefit to patients (≤2) : technical advance, increased quality  

References/Resources (optional): 

1. Gabriele Campanella, Matthew G. Hanna, Luke Geneslaw, Allen Miraflor, Vitor Werneck Krauss Silva, Klaus J. 

Busam, Edi Brogi, Victor E. Reuter, David S. Klimstra & Thomas J. Fuchs, “Clinical-grade computational 

pathology using weakly supervised deep learning on whole slide images”, Nature Medicine Volume 25, pages1301–

1309 (2019) 

2. Janowczyk A., Zuo R., Gilmore H., Feldman M., Madabhushi A., "HistoQC: An Open-Source Quality Control Tool 

for Digital Pathology Slides", JCO Clinical Cancer Informatics, 2019 

3. https://github.com/choosehappy/HistoQC 
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Breakout Session 2 – Slide scanning

Pre-analytics
Amanda Lowe

Slide scanning
Scott Blakely

Truthing data sets
Sarah Dudgeon Hetal Marble

Data standardization
Markus Herrmann Mike Isaacs

ML/AI – Model creation
Ashish Sharma

Continuous learning
Esther Abels

Payor strategies
Joe Lennerz

TOOLKIT WITH ROI CALCSTANDARD DATABASE

GUIDELINES + SURVEY

BEST PRACTICES guide+covrgWHITE PAPER AI CATEGORIES

DEFINITIONS
Education campaign

GUIDELINES + SURVEY VER&VAL + IOP GUIDELINES

Practical use cases
Matthew Hanna

A B C D

E F G H

1

Key Elements, Next Steps, Timeline

1. Standardization of definitions, convene committee
6 month (dedicated)

2. Technical target(s), survey for suitability
1.5 years 

3. Standard tissue target

2
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Pros for Patient, Clinical, R&D, and regulatory

1. Common parameters that characterize any scanner
2. Enables the objective assessment of the common parameters in 1
3. Parameters as key variables for quality with relevance for patient care, 

clinical, R&D and regulatory

3

Concerns for patients, clinical, R&D, and regulatory

1. Could be perceived as limiting innovation.  
Education effort to explain can mitigate.

2. Unanticipated parameter(s) may turn out to be critical

4
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Implications & Efforts

1. Increases uniformity of scanner evaluations.  
2. Levels the competitive towards a comparative environment.
3. Should simplify the evaluation time and design time for new scanners 

(known endpoints)
4. Implications & efforts needs to be determined

5

Deliverables of the project and timeline

Work on DEFINITIONS
Education campaign

~12-15 months

6



11/1/19

4

Slide Scanning: Summary

Need: An outlined approach for scanner evaluation, which clearly delinates
the necessary features for analytical studies.

Problem: Current scanner evaluation methods are too costly (>1M USD). 
Regulatory science does not dictate which features need to be examined, and 
each sponsor creates their lists ad-hoc, leading to iterative studies, increased 
labor on regulatory and vendor bodies, and increased costs.

Project Focus: A survey or other consensus-driven method to create an 
examination “checklist” for technical and analytical scanner evaluations.

7
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Breakout Session 3 – Truthing data sets

Pre-analytics
Amanda Lowe

Slide scanning
Scott Blakely

Truthing data sets
Sarah Dudgeon Brandon Gallas

Data standardization
Markus Herrmann Mike Isaacs

ML/AI – Model creation
Ashish Sharma

Continuous learning
Esther Abels

Payor strategies
Joe Lennerz

TOOLKIT WITH ROI CALCSTANDARD DATABASE

GUIDELINES + SURVEY

BEST PRACTICES guide+covrgWHITE PAPER AI CATEGORIES

DEFINITIONS
Education campaign

GUIDELINES + SURVEY VER&VAL + IOP GUIDELINES

Practical use cases
Matthew Hanna

A B C D

E F G H

1

Key Elements, Next Steps, Timeline

1. What is the actual ground truth?
2. What to do when it doesn’t exist? 
3. How many samples do you need in a dataset and what distribution? 
4. How would a digital slide-set be created and made available? 
5. What information is needed?

2
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Pros for Patient, Clinical, R&D, and regulatory

1. There is a clear application to adaptive algorithms
2. "leave room” for people to improve their programs
3. A standardized framework makes a lot of questions disappear –

people can follow rules and generate data fast
4. Ground truth datasets improve speed to market for vendors, and 

faster access to treatment/algorithms for patients

3

Concerns for patients, clinical, R&D, and regulatory

1. If a company/developer does not have an approved scanner, or wants 
to use their own scanner, they will then create a dataset that is 
severely limited in its use.

2. Collecting consent for long-time period monitoring can be challenging 
and may not be fair to the patient

3. Each dataset could be too narrow per use case and could cause an 
increased burden for regulatory oversight

4
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Implications & Efforts

1. Actual glass slides would be challenging to use as a ground truth 
dataset because these may get lost or broken 

2. Slide images taken on one of the FDA-approved scanners would 
provide path to universal applicability 

3. Patient treatment and comorbidities must be accounted for when 
assessing datasets

5

Deliverables of the project and timeline

Framework/guidelines for getting at 
ground truth regardless of application
Survey/Whitepaper: how to obtain 
ground truth data 
~12-15 months

6
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Truthing data sets: Summary

Need: Ground truth in data sets used for validation of AI/ML or other digital 
pathology tools/applications.

Problem: The ground truth is difficult to establish given the physical nature of 
the samples, variability in “truth” by physicians and outcomes –
generalizability is difficult within these confines, since there is no “True” 
ground truth.

Project Focus: Establish and disseminate a framework for creating truthing 
datasets with a demonstrated use case to unify human elements to ground 
truthing.

7
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Breakout Session 4 – ML/Models/Use cases

Pre-analytics
Amanda Lowe

Slide scanning
Scott Blakely

Truthing data sets
Sarah Dudgeon Hetal Marble

Data standardization
Markus Herrmann Mike Isaacs

Payor strategies
Joe Lennerz

TOOLKIT WITH ROI CALCSTANDARD DATABASE

GUIDELINES + SURVEY

BEST PRACTICES guide+covrg

DEFINITIONS
Education campaign

GUIDELINES + SURVEY

Practical use cases
Matthew Hanna

A B C

E F H

ML-Continuous learning
Esther Abels

VER&VAL + IOP GUIDELINES

D

ML/AI – Model creation
Ashish Sharma

WHITE PAPER AI CATEGORIES

G

1

Key Elements, Next Steps, Timeline

1. Use current two guidances for changes (SaMD&MedDev) + locked AI to be 
changed + timeline

2. Use CADe and CADx + use RWD + timeline
3. Use cases, start with QC/aid of pathologist, already cleared IVDs (timeline)
4. Use SaMD, incl different scanners
5. Use differences btw radiology & DP
6. Need Pre sub and Mock sub
7. Need MDDT to create:

a validated  reference dataset (incl clinical outcome data)

2
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Key Elements, Next Steps, Timeline

1. Open implementation/ROI toolkit+ vendor and site stakeholders for 
common parameters,  12 months

2. Common dictionary for real world pathology
3. Control slide/intermachine concordance

3

Key Elements, Next Steps, Timeline

Identify first tier categories from 
1. AI
2. Clinical Use
3. Volume of Data needed

4
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Pros for Patient, Clinical, R&D, and regulatory

1. Global access
2. Reduce time to market
3. Reduce costs
4. Reduce submission risk
5. Increase accuracy and precision in Dx
6. Increasing Precision medicine (right Dx and Rx for patient)

5

Pros for Patient, Clinical, R&D, and regulatory

1. Implementation calculator for ROI, making a business case, creating 
standardization across organizations/institutions; provide regulatory 
insights into apples to apples for each lab; increase adoption of digital 
pathology, increase clarity, maximize lab turnaround time

2. Providing better information to vendors for common terms
3. Pros for patient, clinical, R&D and regulatory

6
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Pros for Patient, Clinical, R&D, and regulatory

1. Clean guidance on how AI algorithms are trained and evaluated

7

Concerns for patients, clinical, R&D, and regulatory

1. Pathologist will not review the image, HCP adoption, R&D and Class III
2. Feature picked by AI is different vs pathologist clinical (need RWD and 

clinical outcome data), R&D and regulatory
3. Reimburse Concerns for patient, clinical, R&D and regulatory

8
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Concerns for patients, clinical, R&D, and regulatory

1. Potentially forcing change and introducing errors for laboratories who 
need to abide by new rules

2. Potential to change hospital lab workflows
3. Concerns for patient, clinical, R&D and regulatory

9

Concerns for patients, clinical, R&D, and regulatory

1. Ethical concerns?
2. Performance issues?

10
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Implications & Efforts

1. Clarity on regulatory pathway – retrain and how often to release
2. Continuous learning implementing in RWD
3. Retraining vs self learning – using different data, need quality data –

pre specify changes 

11

Implications & Efforts

1. Get data out from multiple labs and compare data in, standardize 
those data points (private, academic, reference labs, industry)

2. Conforming to laboratory guidelines.
3. Implications & efforts

12
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Implications & Efforts

Performance is affected by how algorithms are:
1. Trained
2. Evaluated and Validated
3. Their intended use is established
4. Clinical Guidelines are presented

13

Deliverables of the project and timeline

Digital pathology implementation toolkit 
with ROI calculator
~12 months

Validation, Verification, and 
Interoperability Guidance

~12-15 months

A white paper outlining AI ”categorizations” 
[that may go beyond/expand Class II/III distinction]
~8-12 months

14
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ML Continuous Learning: Summary

Need: A better understanding of how to verify and validate continuous 
learning algorithms, currently none are approved by FDA.

Problem: There is currently too much uncertainty around the least 
burdensome approach for verification and validation as well as testing 
for continuous learning algorithms.

Project Focus: Guidance from FDA, with initial input from stakeholders in 
this group, on general principles for verification and validation testing 
for increased efficiency and access

15

Practical Use Cases: Summary

Need:
• For health systems to implement digital pathology solutions, a clear 

business case is necessary

Problem:
• Different groups approach the business case differently, with varying 

instruments, vernacular, technical validation standards, etc.

Project Focus:
• Toolkit to unify language, calibration, lab workflows, and other parameters 

to input into an ROI calculator measuring business impacts of digital 
pathology adoption in a standard way

16



11/1/19

9

Model Creation: Summary

Need: Guidance more specific to each unique type of algorithm that 
each serve a specific purpose.

Problem: The current guidance is a monolith that groups all of these 
diverse algorithms and purposes together, which is no longer 
representative of the future landscape.

Project Focus: A whitepaper outlining AI categorizations which enable a 
more directed guidance toward streamlined v&v testing.

17
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Breakout Session 5 – Data standardization

Pre-analytics
Amanda Lowe

Slide scanning
Scott Blakely

Truthing data sets
Sarah Dudgeon Hetal Marble

Data standardization
Markus Herrmann Mike Isaacs

ML/AI – Model creation
Ashish Sharma

Continuous learning
Esther Abels

Payor strategies
Joe Lennerz

TOOLKIT WITH ROI CALCSTANDARD DATABASE

GUIDELINES + SURVEY

BEST PRACTICES guide+covrgWHITE PAPER AI CATEGORIES

DEFINITIONS
Education campaign

GUIDELINES + SURVEY VER&VAL + IOP GUIDELINES

Practical use cases
Matthew Hanna

A B C D

E F G H

1

Key Elements, Next Steps, Timeline

1. Interoperability (e.g. integration with LIS, scanner agnostic algorithms)
2. Standardization at different levels (e.g., images, reports) and 

linking/tying information together
3. Integrate into medical record

2
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Pros for Patient, Clinical, R&D, and regulatory

1. R&D: Vendor neutral interpretation of data
2. Patients: sharing data between institutions in a format anyone can 

open and read, defined content for identification and matching
3. De-identification but still linked

3

Concerns for patients, clinical, R&D, and regulatory

1. Why has standard not yet been adopted?
2. Consent issues if data is accessible more easily?
3. Can standard evolve and adapt fast enough to new requirements?
4. Democratization is long and complicated?

4
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Implications & Efforts

1. Circular dependency: manufacturers are waiting for customers and 
users are waiting for products

2. Starting somewhere: baseline features/elements that are required 
but still leaving flexibility (basic functionality versus perfect solution)

3. Taking action beyond white paper (including academic medical 
centers and pathologists)

5

Deliverables of the project and timeline

Database of standards; datasets as a 
resource/tool for algorithm development 
~12-15 months

6
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Data Standardization: Summary

Need:
• Interoperability between digital phases of the healthcare enterprise, consisting of various 

data types (EMR, images, specimen processing, LIS information, etc.) and data sensitivity, 
for “plug and play” integration and better patient handling

Problem:
• Various components of health data are stored differently, do not integrate well with legacy 

systems, and new formats are developed with every new system, perpetuating lack of 
conformity

Project Focus:
• Reference database of standard datasets to help medical device developers understand 

what mixed, multi-modal data could look like if it allowed forward and reverse 
compatibility, thus promoting conformity and standardization across the field

7
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Breakout Session 6 – Payor strategies

Pre-analytics
Amanda Lowe

Slide scanning
Scott Blakely

Truthing data sets
Sarah Dudgeon Hetal Marble

Data standardization
Markus Herrmann Mike Isaacs

ML/AI – Model creation
Ashish Sharma

Continuous learning
Esther Abels

Payor strategies
Joe Lennerz

TOOLKIT WITH ROI CALCSTANDARD DATABASE

GUIDELINES + SURVEY

BEST PRACTICES guide+covrgWHITE PAPER AI CATEGORIES

DEFINITIONS
Education campaign

GUIDELINES + SURVEY VER&VAL + IOP GUIDELINES

Practical use cases
Matthew Hanna

A B C D

E F G H

1

Key Elements, Next Steps, Timeline

1. Include payors understand pain points
2. Educate medical directors of health plans
3. Population health analysis
4. Focus on individual diseases
5. Review non-pathology approaches
6. Payment not necessarily payor related: approach bundled payments 

(e.g. DRG)

2
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Pros for Patient, Clinical, R&D, and regulatory

1. Efficiency gain of digital pathology may be interpreted as cost-savings 
by payors

2. Workforce gap: Reduces total number of pathologists (17%) with 
anticipated growth in field (40%)

3. Economic impact study
4. Time to diagnosis

3

Concerns for patients, clinical, R&D, and regulatory

1. Reduced rates of reimbursements 
2. We need evidence that digital pathology decreased cost and/or 

improves outcomes
3. IHC may be replaced = no bill (e.g. H. Pylori)
4. Road to revenue to monetize ML/AI
5. Who is going to pay for clinical utility studies
6. High implementation cost

4
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Implications & Efforts

1. How many people are doing this?
2. Importance of data: Lab, Payor, Patient
3. More independent laboratories (agile players)
4. Cost of storage; maintenance cost
5. Value of data – as opposed to reimbursement

5

Deliverables of the project and timeline

Approach payors and clinical guideline 
developers
~4-6 months

6
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Payor Strategies: Summary

Need:
• Payors need conclusive clinical outcomes and utility data 
• ROI for digital pathology solutions

Problem:
• Clinical utility studies are costly, but necessary
• How to effectively integrate digital pathology into existing clinical decision-making 

guidelines

Project Focus:
• White paper for best practices to understand coverage determination
• White paper for best practices to incorporate digital pathology into NCCN guidelines

7
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